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convergence: communities (n =200, m =50, d = 20)
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(a) convergence plot: communities data set

error spread: communities (n =200, m =50, d = 20)
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(b) error spread plot: communities data set

Figure 2: (a) Error-unfairness trajectory plots illustrating the convergence of algorithm AIF-Learn. (b) Error-
unfairness tradeoffs and individual errors for AIF-Learn vs. simple mixtures of the error-optimal model and
random classification. Gray dots are shifted upwards slightly to avoid occlusions.
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5.2 Subjective Fairness Elicitation

In your view, as a matter of fairness, should the following two individuals recieve the same recidivism prediction, or is it ok to give them different predictions?

sex age race juv. felony count  juv. misdemeanor count  juv. other count  priors count severity of charge
Male 25  Caucasian 0 1 0 6  Felony
vs.
sex age race juwv. felony count  juv. misdemeanor count  juv. other count priors count severity of charge
Male 29  African-American 0 0 1 10  Felony

Should be treated equally Ok to treat differently, or no opinion

Figure 1: Screenshot of sample subjective fairness elicitation question posed to human subjects.



Single-Subject Trajectory for Various y's Variability of Subject Pareto Curves
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