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MaxSAT restarts can help!
(split_lime < kR VC € Feopt)
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- Applications:
1. abstraction refinement +
2. user-guided analysis
3. statistical relational inference
= 74 sequential MaxSAT problems
— 669 individual MaxSAT instances (avg. 10’ clauses)

- new approach in Open-WBO — state of the art
1. non-incremental
2. incremental-without-restarts
3. incremental (clause split 2, 5, 10, 15)

- Machine configuration:
- 3GHz CPU
- running Linux
- 30m timeout
+ 32GB memout
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Speedup over non-incremental approach

Split limit 5 vs. non-incremental:

- average speedup — 1.8x
- best speedup — 296 x |
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Summary and future work

- new incremental approach to sequential MaxSAT:

- incremental MaxSAT calls +
- incremental SAT calls inside MaxSAT
- adaptive restarts

- better restart strategies
- state-of-the-art MaxSAT algorithms
- not only add but also delete clauses
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